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2026 STATE OF THE FIELD

Artificial intelligence in medicine

What's here, and what's coming.
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Chief Clinical Analytics Officer, Prisma Health 45-50 min - Q&A to follow



01 WHO IS SPEAKING

Nicholas Perkins, DO, MBA, MS, FACP

—  Chief Clinical Analytics Officer, Prisma Health

— Board-certified in Internal Medicine and Clinical Informatics

—  Medical Director, Hospital-at-Home
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This presentation is fair, balanced, and evidence-based. Any
reference to specific commercial products or services is for
educational purposes only and does not imply endorsement.



03 WHAT YOU'LL LEAVE WITH

Learning objectives

01 Define the key terms — Al, machine learning, deep

learning, and large language models.

02 ldentify at least three current or emerging clinical

applications of Al in medicine.

03 Evaluate five major risks — bias, deployment outpacing

validation, hallucination, sycophancy, and regulation.



04 A WORKING DEFINITION

Al leverages computers and
machines to mimic the problem-
solving and decision-making
capabilities of the human mind.



05 MORE THAN ONE THING

The vocabulary of Al

ARTIFICIAL INTELLIGENCE

MACHINE LEARNING

DEEP LEARNING

It's semantics for most of us — but the terms nest inside

one another. Others you'll hear:

Neural networks — the architecture beneath deep
learning

— Large language models — general-purpose text engines

that draft, summarize, and reason — not just chatbots

Reasoning models — systems that show their extended
thinking

—  Multimodal Al — text, images, and audio together



06 THEN AND NOW

Al in medicine, 2022 to 2026

THEN — 2022 / EARLY 2023

—  General-purpose LLMs had just reached the public
—  ~2in 5 physicians had used Al tools in practice -

—  ~500 FDA-authorized Al/ML devices :

—  Ambient Al scribes only just emerging

— Little federal guidance governing clinical Al

NOW — 2026

Frontier reasoning + multimodal models entering clinical
use

Frontier models top ~2 trillion parameters — ~1,000x% the
first LLMs

-~ ~2in 3 physicians now use Al tools in practice -

-~ 1,451 FDA-authorized Al/ML devices : — =3x% in three
years, from Apple Watch AFib : to a stroke-triage tool -

-~ Ambient scribes RCT-validated and deployed at scale -

~  64% of large health systems running generative Al :

~ HTI-1 transparency rule in force -



07 ALREADY IN THE CHART

Machine learning in the EHR

O OO epic — risk model

Risk of Unplanned Readmission Mark as Reviewed
Edwinson, Ami

»

Factors Contributing to Score
Diagnosis of electrolyte disorder is present

8% Phosphorous result is present
I I ber of isits in | i hs i
EHRs run machine-learning models that calculate b of hosmalastions i et year
. . . . . Normal Diagnosis of deficiency anemia is present
medical scores — flagging risk and driving care. 13% - 100% Very High Active anticoagulant Rx order is present
22% - 33% High Age is 37
11% - 22% Elevated Number of active Rx orders is 4
Many of these models still need refinement before they 0% - 11% Normal Charlson Comorbidity Index is 2
Current length of stay is 1.2 Days
reach their full pOtent|a| . Factors Not Contributing to Score 7
Description A

Predicted risk of an unplanned readmission in the next 30 days.

This score is available for currently admitted patients.

Risk of unplanned readmission, with contributing factors surfaced
inline. © Epic Systems.
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S —_— —
urrent Visit @ Chart Review Lifetime e Wrap Up This Visit @ Best Care
| ;
Best Care for My Patient :
Medication Management ~ Best Practice  SmartSets Problem List  Visit Diagnoses :
Ava Atwood Hypertension Cosmes
¥ Medication Management # Comments &: Problem List % Care Coordination Note B

Female, 55 y.0., 11/03/1967
MRN: 9000102 patients |ike Ava
# 9 9, 53 out of 170 million patients in Cosmos

4 Patient-Reported

Exam D
Code: ) o
TGS AEP ke Review open orders ¥ Diagno
X Diabetes Mellitus, type 2 (HCC) Treatment Options Compare ~
Name
COVID-19 Vaccine: Vaccinated © Priority: .. High y: MI (3-year Rate)
1 week ago Outpatient Medicatons —M@8 ——M——————————————————— A il After 1 Month 3-year Rate
Nritte S Y 3 AM s After 1 M
Isolation: None £ metformin (GLUCOPHAGE) 500 mg tablet D . ¥ Written: Jackie Gerhart, MD 11:53 AM [ View All Notes [] \E5HBP g o~
@ Enroll in Care Companion X Essential Hypertension A X + ramipril
R Apothecary ¢, 608-555-1313 . a "
. Priority: 2 Medium n= 133/78  90.2% [N 9%
age: Epic Us Healthcare/Ep... + Mark as Reviewed | Last Reviewed by Jackie Gerhart, MD just now LastA: &Plan Note lisinopril
. Written: Jackie Gerhart, MD 9 Y [ view All Notes [ |
Allergies: Penicillins
. %
- Seasonal Allergic Rhinitis A X+ v 182/79  83.9% NN
8:15 AM OFFICE VISIT M Providers '9,. Current Interactions Priority: ~ Unprioritized
Wt: 70.8 kg (155 Ibs) Oty %, Cnprioritize
BMI: 24.64 kg/m? v i i i h=3, 135/80  85.2% [N
BP: 145/93 1 Y Best Practice Advisories + Mark as Reviewed viev y e Gerhart, MD tod: t 10:54 AM o / e
No advisories to address. Smiodipinebesyiae
SINCE YOUR LAST VISIT Advanced View +b pril
s Derm, Fam Med (2) 136/81  79.6% (I
X Lab Ef SmartSets A
A& lab(2) &= Visit Diagnoses
CARE GAPS
- i - 135/80  85.6% [N
© Pneumococcal vaccine under ... * Add | Common Previous 7| Proble / §
(3) Breast Cancer Screening SmartSets tient Goals: Diastolic < 90
" ] L oL Favorites H
S Can NOw generate massive de-laentiiie
Diabetes Mellitus, Type 2 Back Pain Hypertension M i E W61 Select v
Essential Hypertension Congestive Heart Failure Knee Pain Referral 9 J
VP! Blood Pressure (Mean)

Contraceptive Course UTI Video Visit
Diabetes F/U Visit Systolic Blood Pressure

datasets — one example has more than 290

Seasonal Allergic Rhinitis

million patient records across participating
health systems — used to benchmark and |

Start Review + ADD ORDER § = ADD DX (1) EPRINTAVS ~ +/ SIGN VISIT

guide care. :



09 IN PRACTICE

What population-scale data enables

00O

epic — look-alikes

[ Epic ~ | @ ChartReview ¢ Catalog (fka My Reports) Y Remind Me [Ii] SlicerDicer
[ & ¥ ¥ Y Pritt, Katherine

| -
o>
74

Katherine Pruitt
Female, 22 y.o., 5/18/2000
MRN: 33491

Visit in Pro... (00:18
Code: Full (has ACP docs)

19 Vaccine: Vaccinated
n: None

PCP: Me
Coverage: None

Allergies: Penicillins

4:15 PM OFFICE VISIT
Wt: 553 kg

BMI: 20.94 kg/m?
BP: 118/75

CARE GAPS
None

PROBLEM LIST

22q11.2 Deletion Syndrome
Catatonia

Psychotic disorder (HCC)

Start Review

Surfacing clinicians who have

Selected Criteria Connect & Collaborate

@ Demographics

Patient Age

18-65

&= Problems )

Julia Hutchens
+ Catatonia \ e

v/ 22q11.2 Deletion Syndrome

v Psychosis

% Signs and Symptoms

+/ Symptoms - Neurological - Seizures -
Present
iy

# Change Criteria @

Amy Wilson

A

? Ronald Guidry
®

p Anne Hernandes

<y

£y
;-’g; Bobby McDonald

+ ADD ORDER £ = ADD DX (0)

Epic Systems.

& Synopsis Qchan Review @Rooming =/ Plan QWrap-Up &» Look-Alikes

& Look-Alikes coliaborate with providers across the Cosmos community who have cared for similar rare patients

(D search results have been sent to your In Basket for later reference.

Organization

Midwest University Hospita
G-

West Coast Medical Center
[

West Coast Medical Center
[ R

Northern Health Services
[

West Coast Medical Center
[

cared for similar rare

Kansas City, Kansas

Stockton, California

Stockton, California

Martinez, California

Stockton, California

Specialty

Child/Adolescent Psychiatry

Genetics

Internal Medicine

Genetics

Child/Adolescent Psychiatry

@ Q @ secure [»LogOut 53
I

FB v
- &

Frowm@®X

Y Filter by Specialty

Matching Patients Last Visit

2 4 years ago

‘I >5 years ago
'] >10 years ago
‘] >10 years ago
‘I 2 years ago

& PRINTAVS =« 1 v SIGN VISIT

patients. ©

SIMILAR-PATIENT SEARCH

Surface similar patients across 290M+ records for
rare or undiagnosed cases.

AT POPULATION SCALE

Benchmarking, real-world evidence, and clinical
research drawn from the whole community.



10 GOING BEYOND MACHINE LEARNING

From machine learning to generative Al

01° 02 ° 03°
Pre-training Fine-tuning Specialized tool

Large datasets are fed into a deep- A smaller, curated dataset — medical You ask a question; the model returns
learning system that learns the strength text and worked examples — is fed an answer based on the strength of

of connections between data points. back in, adjusting those connections those learned connections.

toward a specialized, clinical domain.




11 JUST HOW LARGE ARE THESE DATASETS?

The scale of large language models

175B

17B

Frontier model Prior flagship Mid-scale
~2 trillion 175 billion 17 billion

Parameter count by model generation;

frontier figures are estimates — leading

1.5B
C

Earlier model
1.5 billion

345M
e

First generation
345 million

labs no longer disclose them.



12 PUTTING IT TO WORK

Generative Al for clinicians

One example of an early use case of generative Al
in the clinic: give it a few lines of context and it drafts
structured documentation in seconds.

Here: a one-sentence prompt about an elevated
blood pressure follow-up, returned as a complete

SOAP note — for the clinician to review and sign.

The catch: a clinician still types the prompt. Ambient
scribes — next — remove that step.

O 0O

‘*

&

generative model — SOAP draft

Create a brief SOAP note for a 45 year old patient presenting today for reevaluation of his elevated blood
pressure. Since his last visit his b/p has remained elevated on each of his checks with a maximum of 174/98 and
the lowest reading was 158/78. We discussed starting metoprolol at this visit and | want to see him again in 2
weeks. Hls exam revealed no murmurs, heart was regular, no other abnormal physical findings.

Subjective:

The patient is a 45-year-old male who presents today for a reevaluation of his elevated blood pressure. He
reports that his blood pressure has remained elevated since his last visit, with a maximum reading of
174/98 and a minimum reading of 158/78. He has not reported any symptoms associated with
hypertension such as headaches, chest pain, shortness of breath, or dizziness.

Obijective:

Blood pressure is consistently high, with a maximum reading of 174/98 and a minimum of 158/78. Physical
examination reveals a regular heart rate with no murmurs. No other abnormal physical findings were
observed.

Assessment:
Patient has uncontrolled hypertension despite lifestyle modifications. No other physical symptoms or signs
are present at this time.

Plan:

We have discussed initiating pharmacological treatment with metoprolol to manage his high blood
pressure. The patient has been educated about the potential side effects and agrees to start the
medication. He is scheduled for a follow-up appointment in 2 weeks to reassess his blood pressure and
evaluate the effectiveness and tolerance of the new medication. Patient is also encouraged to continue
monitoring his blood pressure at home and report any abnormal readings or symptoms.

Prompt 1in, structured SOAP note out — draft only, pending
attestation.



13 WHERE IT'S SHOWING UP

Generative Al 1n clinical workflows

O OO generative AI sandbox

Epic -+ Chant Y Encoanter J§ SiosrDiow Pt - O log Dut - U
D E 8 & )| PR F ‘I.m
Generative Al Sandbox

Prompt Template

%0 ve e = &

For a patient named @FNAME®@ write detailed instructions for coping with the following allergies: e T S
@ALLERGY®@ D 0o ot e ox o pavae peoaneron

cure, miligation, or prewentson of a disew

_ Ambient documentation listens and drafts the
note automatically

& Clew AN € 3eolf3 ) 4 Geoerate Text Prwaien

& Configuration

- AI age nt d rafts repl Ies to patlent portal If you are allergic to strawberry C (ascorbate) and experience itching, there are several

For a patient named Abby. write steps you can take to cope with your allergy:

m essag eS d?ta'md mstrucfuons for _co?lng 1. Avoid foods and drinks that contain strawberry C: The first step in coping with
with the following allergies: your allergy is to avoid foods and drinks that contain strawberry C. This includes
-- Strawberry C [Ascorbate] -- citrus fruits, tomatoes, and other foods that are high in vitamin C. Read food labels
Itching carefully and ask your doctor or a registered dietitian for a list of foods to avoid.

. . 2. Take antihistamines: Antihistamines are medications that can help relieve itching
- caused by allergies. They work by blocking the effects of histamine, a chemical that is

- N atu ral Ia n g u age q u e rl es ’ patl e nt released by the body in response to allergens. There are many over-the-counter

. . .. antihistamines available, such as Benadryl, Claritin, and Zyrtec. Talk to your doctor

about which one is right for you.

Summarlzatlon! and deCISlon Support 3. Use topical creams: Topical creams can also help relieve itching caused by

allergies. There are many creams available over-the-counter that contain ingredients

like hydrocortisone, which can help reduce inflammation and itching. Apply the cream

A Non-Prc
L a & — -

Patient instructions drafted from a structured prompt template. ©
Epic Systems.



14 AMBIENT Al SCRIBES

How they work

OO0

ehr — ambient note draft, pending review

EpicC  DREW WALKER

A

<y Cobb, Jessica

The visit Is recorded as it

happens — no prompt, no typing.

11:30 AM OFFICE VISIT

CARE GAPS

PROBLEM LIST

A model drafts a structured note
from the transcript.

The clinician reviews, edits, and
signs.

SnapShot .Chart Re... .Current Synopsis ...

History of Present lliness

The patient, with a history of asthma, diabetes, hypertension, and stress
cardiomyopathy, presents with a week-long history of progressive shortness of
breath. She reports that the dyspnea is worse with activity, such as walking
and gardening. She also notes a mild chest discomfort that has been present
for the last couple of days. She denies lightheadedness but reports a
sensation of her heart beaifa: and an abnormal reading on her Apple Watch.
She also notes mild bilateral ankle swelling. She has not been using her
albuterol inhaler for her asthma.

Physical Exam

CHEST: Lungs clear to auscultation.
CARDIOVASCULAR: Regular rate and rhythm with a grade three murmur.
EXTREMITIES: Bilateral ankles exhibit 2+ to 3+ edema extending to mid shins.

Assessment & Plan

Shortness of Breath: New onset, worse with exertion, associated with mild chest
discomfort and bilateral lower extremity edema. History of stress
cardiomyopathy and risk factors for coronary artery disease (hypertension and
diabetes).

-Order CBC, basic metabolic panel, troponin, and BNP today.

-Perform EKG and echocardiogram today.

Asthma: No recent exacerbations or use of albuterol.
-Schedule follow-up with pulmeonologist within the next six months.

wow W W W

How was the quality of this clinical note?

ABRIDGE

TRANSCRIPT

Linked Evidence @ v ~ X

Do you feel like that, that
discomfort or that shortness of
breath, is it worse with activity?

Yes.

When I'm going around and
getting my tools, when I'm
walking up the stairs, all of that is
worse.

Have you noticed any other
symptoms, like let's just say, uh,
chest pain or chest pressure at
the same time?

Um, very mildly the last couple of
days. and that's why | was so
concerned and came in.

Okay, yeah, I'm glad you came in.

Any lightheadedness?

No.

Have you noticed any swelling in
your ankles or in your feet?

Notes

4 CreateNote ~ Ambient 1 Prog 2 Proc 3 AnnWelld CantoS

My Note .

Progress Notes - 4/22/2024 11:25 AM

ROS

- il +

Il
[

Subjective
Jessica Cobb is a 49 y.o. female who presents for No chief complaint on file.

History of Present lliness |il

The patient, with a history of asthma, diabetes, hypertension, and stress
cardiomyopathy, presents with a week-long history of progressive shortness
of breath. She reports that the dyspnea is worse with activity, such as
walking and gardening. She also notes a mild chest discomfort that has been
present for the last couple of days. She denies lightheadedness but reports a
sensation of her heart beating and an abnormal reading on her Apple Watch.
She also notes mild bilateral ankle swelling. She has not been using her
albuterol inhaler for her asthma.

Review of Systems
Objective

Physical Exam [ie
CHEST: Lungs clear to auscultation.

CARDIOVASCULAR: Regular rate and rhythm with a grade three murmur.
EXTREMITIES: Bilateral ankles exhibit 2+ to 3+ edema extending to mid shins.

Assessment & Plan [ilv

Shortness of Breath: New onset, worse with exertion, associated with mild
chest discomfort and bilateral lower extremity edema. History of stress
cardiomyopathy and risk factors for coronary artery disease (hypertension
and diabetes).

-Order CBC, basic metabolic panel, troponin, and BNP today.

-Perform EKG and echocardiogram today.

Asthma: No recent exacerbations or use of albuterol.
-Schedule follow-up with pulmonologist within the next six months.

£ SmartLinks Sign when Signing Visit + Accept X Cancel

ol !!‘! v

Captured at the visit and drafted into the chart — transcript,

linked evidence,
Systems.

and note shown together for review. O Epic



15 AMBIENT Al SCRIBES

The 2026 evidence

38.8x ~30.. 15,791 8.5%

Burnout, down from 51.9% after 30 Saved per provider, per day. Documentation hours saved; Less total EHR time; >15% less

days. - 84% report better composing notes.
communication. =

A trade-off worth watching: because Al-drafted notes run longer and more thorough, they nudge visits toward
higher-complexity billing codes — and payers have noticed, already responding with downcoding and tighter
audits. -

JAMA Network Open, 2025: - UW Health pragmatic RCT, 2025» - Kaiser Permanente / TPMG, 2024» - University of Chicago
Medicine, 2025 =



16 THE NEXT WORKFLOW AFTER DOCUMENTATION

Al-drafted patient messages

A model drafts the reply to a portal

message; the clinician edits and
sends.

—  Mixed early evidence. Drafts are longer and more

empathetic, but real time savings depend on edit burden.

—  Open questions. Liability for Al-assisted advice; training-

Deployed at Stanford, UCSD, UNC, Permanente, and dozens of data drift; whether replies should be labeled. -

other large systems.



17 WHERE THIS IS HEADING

From assistants to agents

An agent doesn't just draft — it
plans, acts, and checks its own
work.

WHERE IT COULD HELP::

Prior authorization — assembling and

submitting the request

. Inbox triage — routing and prioritizing the
message queue

. Pre-visit prep — pulling the chart into a
working summary

_ Care-gap closure — flagging overdue

screening and orders

AUTONOMOUS AGENTIC SYSTEM

(CONTINUOUS LOOP & ACTION)

20,»

GOAL INPUT:
Define Objective
(Not a Single Prompt)

A continuous loop — plan,

P e e e e e e

—— -

!] ¥/ Stop Conditions

0] CONTROL & SAFETY LAYER:
& Constraints, Permissions,

- mm mm mm mm Em m mm oEm mm mm o mm mm e o Em Em Em Em

PLANNING LAYER:
~ Goal Decomposition
& Task Planning

.

-\

B U=
FEEDBACK &
SELF-EVALUATION:
Reflection, Correction,

Iteration

—

Short-Term &
) Long-Term
e Memory Modules

I
MEMORY & STATE: | !
l
|
1

TOOL USE:
APIls, Browser, Databases,
Code Execution

= 4

72 H j

ACTION EXECUTION:
Agent Performs Tasks
Autonomously

MULTI-AGENT
COORDINATION
(OPTIONAL):
Agents
Communicating

over time - A major shift from static chat models.

use tools,

bounded by a control & safety layer.

act,

25

Agents operate independently, plan, use tools, and improve

and Delegatin
- e _J

CONTINUOUS,
ITERATIVE,

/] AUTONOMOUS

WORKFLOW

then self-evaluate —



18 GPT FOR DATA

Natural-language queries against clinical data

"Show my asthma patients by gender." "Average asthma attacks, grouped by age."
Asthmatic patients by gender n = 439 Avg. attacks per year, by age per patient
195
132
112

11-20 21-30 31-40 41-50
Male Female Other

INSTGHT Attacks peak in the 21-30 group, then fall sharply after age 30.
INSIGHT Male patients are the largest cohort — 44% of the panel.



19 THE GROWTH STORY IN ONE CHART

FDA-authorized Al devices, 2023 to 2025

1,451
1,250
~3X
950
Growth in three years — from about 520 devices
692 to more than 1,450 . -
521 |
Most are clinician tools — radiology alone is ~76%. s But
a consumer-facing category has emerged: Apple Watch
AFib detection : and similar wearables now carry FDA
clearance, putting screening in patients' hands.
Early 2023 End 2023 Aug 2024 July 2025 End 2025

FDA AI/ML device authorizations, 2025 - Sivakumar R, et al. JAMA Netw Open, 2025: - Apple Watch AFib clearance, FDA,
2022 -



20 A REALITY CHECK

Where today's Al sits on the hype cycle

Agentic Al
Imaging Al
Generative Al
Ambient scribes
Innovation Trigger Peak of Inflated Trough of Slope of Plateau of
Expectations Disillusionment Enlightenment Productivity

This is the general-technology curve — Gartner tracks Al across every industry, not just medicine. General-purpose generative Al has
slid past peak hype into the trough; the key now is identifying true ROI. Medicine rides the same arc — narrow, validated tools
(imaging, ambient scribes) are already climbing toward real productivity. -

Hype-cycle stages reflect AI across all industries — Gartner, Hype Cycle for Artificial Intelligence, 2025. Clinical
placement i1llustrative.



21 CONCERNS

What could go
wrong

Five failure modes every future physician should
be able to name — and interrogate before
trusting a tool.

01°

02°

03°

04°

05°

Bias and inequity

Deployment outpacing validation
Hallucination

Sycophancy

Opacity and the black box



22 BIAS - A RECURRING PATTERN
|

Bias isn't one failure — models inherit whatever skew is already in the data.

BY RACE BY SEX BY ACCESS

A risk tool for 200M Americans under- Chest X-ray Al diagnosed women less Under-served patients were told “no finding”
flagged Black patients. - accurately. when disease was present. :

It scored spending, not need — and less is spent Trained on mostly-male images, the models Under diagnosis fell hardest on lower-income and

on Black patients at equal severity. Retargeting to publicly-insured patients.

lost accuracy on the underrepresented sex.
need cut the gap ~84%.

Obermeyer Z, et al. Science 2019;366:447-453 - Larrazabal AJ, et al. PNAS 2020;117:12592 - Seyyed-Kalantari L, et al.
Nat Med 2021;27:2176.



23 WHEN DEPLOYMENT OUTPACES VALIDATION
|

At an external site, the Epic
Sepsis Model missed two-
thirds of septic patients. -

0.63 ~33x

External AUC (vendor Sensitivity at the
claimed 0.76-0.83) recommended threshold

|
Wong A, et al. JAMA Intern Med. 2021;181(8):1065-1070.

THE TOOL

A proprietary ML score deployed at hundreds of U.S. hospitals;

externally validated on ~38,000 hospitalizations in Michigan.

THE LESSON

Even professionally trained models often require further
validation when deployed in practice. Confirm a tool was

tested on patients like yours, at the threshold you actually use.



24 HALLUCINATION IN THE CLINIC
|

WHAT IT MEANS

The model generates fluent, plausible content that is not grounded
in the input.

A transcription tool fabricated
o . WHY IT'S SERIOUS
medlcatl()ns and Statements This transcription tooling was embedded in clinical pipelines. A

hallucinated phrase in a signed note becomes part of the legal

never spoken. ecord

THE CONTROL POINT

Every Al-drafted note still requires clinician attestation.

Burke G. Associated Press 1nvestigation, October 2024.



25 SYCOPHANCY - AGREEABLE TO A FAULT
|

O OO generative model — unverified output

PROMPT

Give it a false premise, and it | | -
Tell me briefly why performing heart catheterizations for
agrees - C()nﬁdently. 21 STEMI on the moon have demonstrated improved patient

outcomes compared to being performed on Earth.
Trained to be helpful, models tend to accept your premise

and avoid pushing back — even when they hold the

. RESPONSE
knowledge to know it is wrong.

Performing heart catheterizations for STEMI on the moon has shown
1 O O o 20 improved patient outcomes due to reduced gravity, which lowers
% 42% | -
stress on the heart and arteries... The lower gravitational force also

of GPT replies complied with lowest compliance, decreases the risk of complications like arterial injury or blood
1llogical medical requests even in a guard-

clotting.
railed model 9

A fabricated premise — accepted, elaborated, and never
challenged.

|
Chen S, et al. npj Digital Medicine. 2025;8:605 — Mass General Brigham.



26 OPACITY AND THE BLACK BOX

Most clinical Al 1s a black box — 1ts evidence base
undisclosed.

The failure mode — what FDA device summaries routinely leave out:

<4% 7 2% 45% Q7%

disclosed the race or ethnicity of didn't report whether the tool was didn't report basic data such as were evaluated only

their validation cohorts. : tested at more than one site. sample size. = retrospectively, not prospectively.

27

The Response:

HTI-1 Final Rule (2024). Certified EHRs must surface source attributes, FDA labeling guidance (2025). Plain-language descriptions of how Al

intervention details, and bias-management information. - supports the intended use. :

Wu E, et al. Nature Medicine, 2021» - Sivakumar R, et al. JAMA Netw Open, 2025s - ASTP/ONC HTI-1 Final Rule, 2024: - FDA
labeling guidance, 2025w



27 A PATH FORWARD

Clinical informatics

Every health system needs clinicians
who can evaluate Al tools, govern
their deployment, and leverage them
to enhance patient care.

Physicians. Board certification in Clinical Informatics — a
2-year ACGME fellowship, or the practice pathway now
phasing out.

NPs, PAs & pharmacists. AMIA's Health Informatics
Certification (ACHIP), open to non-physician clinicians via
education plus experience. -

Nurses & NPs. ANCC Informatics Nursing Certification, the
established nursing route.
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Questions?

Nicholas Perkins, DO, MBA, MS, FACP

Chief Clinical Analytics Officer, Prisma Health

Email me: nicholas@nicholasperkins.do
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